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Case Presentation
Diagnostic Models
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HTLV1 Leukemia Healthy P value
WBC(10000) 13.7 66.2 8.7 0.698
RBC 4.0 3.6 4.6 <0.001
Hgb 11.6 9.8 13.2 <0.001
McCv 88.7 89.7 85.1 0.002
MCH 29.2 42.3 28.9 0.366
MCHC 34.0 32.9 33.9 0.797
Platelet 178 1009 292 0.286
Lymphocyte 29.3 27.8 32.4 0.142
Monocyte 47 5.4 6.2 0.504
Eosinophil 36 48 27 0.074
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Case Presentation
Fraud or Anomaly Detection

Hepatitis B familial N0 ?D o
transmission analysis IIIII@ T o
A Data mining approach gumm it
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Data Set Specification
=

* 330 hepatitis B patients
— Demographic data
— Viral markers
— Stage of disease
— Family history of liver disease mortality
— Morbidity

 Demographic data and viral markers of their offspring were
also collected.
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Traditional Data Analysis View
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Feature Selection Analysis
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Findings (Tree View)
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Findings

The most dominant finding in the extracted patterns was the
difference in transmission pattern of male and female index cases.

* In male index cases,
— Family history of liver disease mortality and morbidity was the
main predictive factor of disease transmission to offspring.

— In the next step, proxies of exposure duration such as offspring
age were important.

 Infemale index cases,

— Rate of transmission was significantly higher in female index
cases and the main determining factor was HBeAg.

— In HBeAg negative patients, the pattern of transmission was
different in patients based on their HDVAb. Transmission rate
was 25% in HDVAb negative and 5% in HDVADb positive cases.
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Anomaly Evaluation Approach

multiples of distance
between bottom and
point 2
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Case Presentation
Health Policy Management
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Case Presentation

Scientometric Approach
e
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Data Mining in Medicine: :. o/
A Scientometrics —3
Perspective i
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Number of Data Mining publications

1000

Comparing growth rate of Data Mining
publications in health and all sciences in Iran
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Share of Data Mining publications in total
number of articles in Medicine
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Findings and Suggestions of Scientometric Study of

DataMining in Medicine
S

*Publication Trends in lran is somehow in accordance
with world growth trend

*But the volume of publication can be much higher
Specially in health and medicine domain.
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